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! Autonomous vehicles
2 Machine learning

® Deep learning

* Modular learning
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! Lidar sensor

2 point cloud

% Mediated perception

* Direct Perception
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Conditional imitation learning (CIL)
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! Comma-separated values

2 Deep neural networks (DNNs)

% Long short-term memory (LSTM)
*Recurrent Neural Networks (RNNs)
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! Root Mean Square Error (RMSE)
2 Accuracy
% Stochastic gradient descent (SGD)
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! Individual adaptive learning rates
2 |earning rate

% moment estimate

* Exponential decay rates
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