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Result: Find The best solution
Objective min or max f(x). X = (x,.x_..... xa)7

Generate initial population, of n members of tribes(or nomads)
Find the best solution g. in the population in each iteration
While(z < Maxlteration ) or (stop criterion) do
For i = \:n (all n members of each tribe’s)

m,_ 4— Best solution(it)

m,_ ¢— Worst solution(it)

Update Position
if pqv(i ) is best solution of each Iteration
then
& fitness(pop(i)) — m, m_-— fitness(pop(i))
x, =C = «xf+C_= = rand[varmin, varmax]
m, = m, Y m_ —m,

Else

s m_— fitness(pop(i)) fitness(pop(i)) — m,

x; =C = * x} +C_= * rand[varmin, varmax]
my —m, ¥ m, —m,

end if

Evaluate new solutions
If new solutions are better, update them in the population
end for

Find the current best solution g.
end while
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